
← Back to Insights

S T R AV O R I S

FinOps for Agentic AI at Scale
March 20, 2026
By Krishna Gandhi Mohan | Stravoris
R E S E A R C H  B R I E F

Executive Summary

Enterprise AI is caught in a paradox. Per-token inference prices have fallen approximately 80% year-

over-year, yet total enterprise AI spending is accelerating faster than ever.[1] The explanation lies in a
fundamental shift in how organizations consume AI: the move from single-prompt interactions to

agentic workflows that invoke large language models 10–20 times per task, retrieval-augmented
generation pipelines that levy a cumulative "context tax" on every query, and always-on monitoring

agents that consume compute continuously.[1][2]

Inference now accounts for 85% of enterprise AI budgets, with 44% of organizations spending 76–100%

of their AI budget on inference alone.[1][6] Average monthly AI costs hit $85,521 in 2025, a 36% increase

from the prior year.[5] Gartner projects global AI spending will surpass $2.5 trillion in 2026, with

inference-focused infrastructure growing from $9.2 billion to $20.6 billion year-on-year.[4]

The most significant risk this research identifies is that current API pricing is artificially low. OpenAI lost

$5 billion on $3.7 billion in revenue in 2025, spending $1.35 for every dollar earned.[2] The company's
inference costs reached $8.4 billion in 2025 and are projected at $14.1 billion in 2026, with positive cash

flow not expected until 2030.[18][19] Enterprises building cost models on today's subsidized pricing face a

structural budget risk when pricing normalizes within 12–24 months.[2]

Three optimization levers emerge from the evidence as the foundations of AI FinOps: model routing
(directing simple tasks to lightweight models while reserving frontier models for complex reasoning,

delivering 60–85% cost reduction), semantic caching (eliminating redundant LLM calls by returning
cached responses for semantically similar queries, reducing API calls by up to 68–73%), and on-premise

inference (which achieves an 8–18x cost advantage per million tokens for sustained, high-volume
workloads). These strategies are not mutually exclusive—they stack.

The central thesis of this brief is that AI cost management is emerging as a distinct FinOps discipline,

separate from traditional cloud infrastructure FinOps. Organizations that build unit-economics thinking
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into their agent architecture now will scale sustainably; those that don't will face painful rewrites when
the pricing subsidy window closes.
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Evidence Base & Methodology

Research Approach

This brief synthesizes findings from 20 sources gathered across eight targeted web searches and three

seed URLs provided with the original idea file. Research was conducted on March 20, 2026, covering
evidence published between mid-2025 and March 2026.

Source Profile

Sources include industry analyst press releases (Gartner, IDC), foundation reports (FinOps Foundation
State of FinOps 2026), vendor-published benchmarks (Redis, Portkey, Swfte AI), academic papers (arXiv),

market research (Sacra, CloudZero), technology press (VentureBeat, The Decoder, RD World Online), and
practitioner publications (AnalyticsWeek, AI Automation Global, MachineLearningMastery). Financial

data on OpenAI was cross-referenced across at least four independent sources.

Notable Gaps

Vendor-sourced cost reduction percentages (e.g., "85% savings from routing") should be treated as
upper-bound estimates. No longitudinal case studies were found tracking a single enterprise from pilot

to production-scale AI FinOps. Environmental and energy cost implications of inference scaling are not
covered in depth by available sources.
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The Inference Cost Paradox

Falling Prices, Rising Budgets

The defining dynamic of enterprise AI economics in 2026 is the Jevons Paradox applied to inference:

cheaper per-unit costs drive dramatically higher total consumption. Token prices have declined

approximately 80% year-over-year through early 2026,[1] yet enterprise AI budgets are rising faster than
they did when tokens were expensive. The FinOps Foundation's State of FinOps 2026 report found that

98% of respondents now manage AI spend, up from 63% in 2025 and just 31% in 2024.[4] AI cost
management has moved from "emerging concern" to everyday operational scope in two years.

IDC's FutureScape 2026 warns that by 2027, G1000 organizations will face up to a 30% rise in

underestimated AI infrastructure costs—not from overspending, but from under-forecasting expenses

unique to AI workloads.[23] Variable hyperscaler billing creates 30–40% monthly swings that make

traditional financial planning impossible.[5]

The Three Cost Multipliers

Three architectural patterns explain why total inference costs are rising despite cheaper tokens:

Primary drivers of inference cost growth in enterprise AI deployments

Cost Driver Mechanism Cost Multiplier

Agentic Loops
Autonomous agents invoke LLMs 10–20 times per task,

chaining reasoning steps in loops

10–20x per task vs. single-

prompt

RAG Context
Tax

Retrieval-augmented generation sends large document
contexts with every query, compounding input token costs

Cumulative; scales with
knowledge base size

Always-On
Intelligence

Real-time monitoring agents scan emails, logs, and market
data continuously, consuming compute 24/7

Shifts from on-demand to
continuous consumption

The combined effect is striking: where traditional AI interactions cost roughly $0.001 per inference,

agentic systems can cost $0.10–$1.00 per complex decision cycle.[7] Internal consumption from system
prompts, reasoning loops, and inter-agent communication can account for 50–90% of total token usage

in agentic products.[7]

The Adoption Gap

Despite high enthusiasm, the gap between AI agent ambition and production reality is stark. According
to DigitalOcean's 2026 Currents Report, 60% of organizations believe AI agents represent the most long-

AI Strategy Playbook

STRAVORIS Page 4 / 17



term value in the AI stack, yet only 10% are actively scaling agents in production.[6] Forty-nine percent

identified the high cost of inference at scale as their primary blocker to agent deployment.[6] Gartner

predicts that over 40% of agentic AI projects will be canceled by end of 2027 due to escalating costs,

unclear business value, or inadequate risk controls.[7]
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The Subsidy Cliff: Why Today's Pricing Won't Last

OpenAI's Economics as a Market Signal

OpenAI's financials provide the clearest window into the unsustainability of current inference pricing.

The company generated $3.7 billion in revenue in 2025 while losing $5 billion—spending $1.35 for every

dollar earned.[2] Inference costs specifically reached $8.4 billion in 2025, with paying users accounting

for approximately 66% of inference spend.[18]

OpenAI's projected financial trajectory (2025–2030)

Year Revenue Inference Costs Total Cash Burn Net Position

2025 $3.7B $8.4B — -$5B operating loss

2026 — $14.1B (projected) $25B (projected) -$14B loss (projected)

2027 — — $57B (projected) Negative

2029–2030 $100B target — — First positive cash flow expected

Sources: [2][18][19][27]

OpenAI's latest funding round of $110 billion from Amazon, Nvidia, and SoftBank[2] confirms the strategy:
subsidize inference to near-zero, make engineering teams dependent on the models, let switching costs

accumulate, then narrow the subsidy window once lock-in is established.[2] Cumulative cash burn from

2026 to 2029 is forecast at $218 billion.[27]

The Enterprise Budget Time Bomb

Most enterprises are running ROI calculations that assume today's artificially low API prices hold

indefinitely. This creates a structural vulnerability: organizations scaling from pilot (tens of agents) to
production (hundreds or thousands of autonomous agents) are building on pricing that requires billions

in VC subsidies to sustain.

The "2026 Renewal Cliff" compounds this risk. Many 2025 AI pilots were approved on soft ROI promises.
As these hit first renewals, CFOs are demanding proof of delivered value against metrics that were never

precisely defined.[3] The shift from selling AI "access" to selling "outcomes" introduces real compute
costs per inference that break the traditional SaaS model where additional users cost nearly nothing to

serve.[3]
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Inference: From this analysis, we estimate that enterprises should budget for 2–3x
current API costs within 24 months

This estimate is based on the following reasoning: OpenAI's inference costs are roughly 2.3x its revenue
(inference costs of $8.4B on $3.7B in total revenue in 2025). Even with efficiency improvements like

IndexCache (15–25% compute reduction)[2] and sparse attention (40–60% per-token cost reduction)[2],
the gap between sustainable pricing and current pricing remains substantial. API pricing increases are

expected within 12–24 months.[2] This is an inference based on available data, not a direct projection
from any single source.
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The Three Optimization Levers

Lever 1: Model Routing

Model routing is the practice of directing each inference request to the most cost-effective model

capable of handling it. The pricing differential makes this consequential: frontier models (GPT-4, Claude
Opus) cost $30–60 per million tokens, mid-tier models cost $10–15, lightweight models cost $0.50–2, and

small open-source models cost $0.10–0.50—a 60–300x spread from top to bottom.[9]

Model routing cost reduction benchmarks from published research

Source Approach Cost Reduction Quality Retention

RouteLLM (UC Berkeley /

ICLR 2025)[10]
Trained router classifiers 85% 95% of GPT-4 quality

xRouter (arXiv)[11]
RL-based cost-aware
orchestration

59%
Maintained on
benchmarks

80% accuracy router

(arXiv)[11]

Energy/compute-aware
routing

64% energy, 62%
compute, 59% cost

80% routing
accuracy

The landscape supporting routing has shifted materially: lightweight versions of frontier models (Grok

4.1 Fast, GPT-5 Mini) now achieve near-state-of-the-art benchmarks at roughly one-twelfth the cost of

earlier frontier models.[2] Qwen 3.5's 9B-parameter model matches 120B-parameter models on targeted

benchmarks.[2] In 2026, 37% of enterprises already use five or more models in production.[9]

Enterprise LLM spending hit $8.4 billion in the first half of 2025 alone, with nearly 40% of enterprises

spending over $250,000 annually on language models.[9] At that scale, a 30% cost reduction from routing

saves $75,000 per year per organization—and the published benchmarks suggest 59–85% reductions are
achievable.

Lever 2: Semantic Caching

Semantic caching eliminates redundant LLM calls by recognizing when a new query is meaningfully
similar to a previously answered one and returning the cached response. Unlike exact-match caching,

semantic caching uses vector embeddings and cosine similarity to identify shared intent regardless of

phrasing.[12]

The opportunity is large because enterprise workloads are highly repetitive. In typical B2B LLM
applications (support bots, documentation Q&A, classification tasks), 40–60% of all queries are
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repetitive or highly similar.[13]

Semantic caching cost reduction benchmarks

Implementation API Call Reduction Latency Impact Source

Redis LangCache ~73% Cache hits return in milliseconds vs. seconds [13]

GPT Semantic Cache (arXiv) 61.6–68.8% Significant latency reduction [26]

Bifrost ~70% 70% response time reduction [15]

Hyperion (reported) Up to 80% Not specified [24]

A concrete example: a customer support agent handling 10,000 daily conversations can generate over

$7,500 per month in API costs. If 50% of queries are semantically similar and caching captures 70% of

those, the monthly savings approach $2,600—$31,500 annually from a single workflow.[14]

Semantic caching also delivers a latency benefit that compounds the cost argument: cached responses

return in milliseconds rather than the 1–5 seconds typical of a fresh LLM inference call, improving user
experience alongside economics.

Lever 3: On-Premise Inference

For sustained, high-volume workloads, on-premise inference offers the most dramatic cost advantage.
Lenovo's 2026 Total Cost of Ownership analysis found that self-hosting achieves an 8x cost advantage
per million tokens compared to cloud IaaS, and up to 18x compared to frontier Model-as-a-Service APIs.
[16]

On-premise vs. cloud cost comparison for AI inference

Factor On-Premise Cloud API

Cost per million tokens 8–18x cheaper at scale[16] Baseline (premium pricing)

Upfront investment $30K–$80K per enterprise server[16] None

Breakeven period Under 4 months at high utilization[16] N/A

5-year savings per

server
Exceeds $5 million[16] N/A

Best for
Sustained workloads, >$15K/month API
spend

Bursty, variable demand (>40% swings)
[16]
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The decision framework is clear: organizations spending $15,000–$50,000 per month on cloud AI API
calls could handle equivalent workloads with a single on-premise server costing $30,000–$80,000 one

time.[16] However, companies with fluctuating AI inference demands—varying by more than 40%
throughout the day or week—typically save 30–45% by using cloud infrastructure versus maintaining on-

premise capacity for peak loads.[16]

Open-weights models are making on-premise increasingly viable. Meta's Llama and DeepSeek each

command 21% adoption for agent development,[6] and smaller specialized models are closing the quality

gap with frontier systems—Qwen 3.5's 9B model matching 120B-parameter models on targeted

benchmarks demonstrates that on-premise need not mean lower quality for well-scoped tasks.[2]
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Toward an AI FinOps Discipline

Why Cloud FinOps Is Not Enough

Traditional cloud FinOps manages infrastructure costs (VMs, storage, networking) that are relatively

predictable and tied to provisioned resources. AI inference introduces fundamentally different cost
dynamics: costs are driven by usage patterns that are opaque (how many reasoning loops will an agent

need?), variable (30–40% monthly swings in hyperscaler billing[5]), and emergent (agentic systems
generate their own inference demand through inter-agent communication).

The FinOps Foundation recognized this shift: its 2026 report shows AI cost management going from a

niche concern to universal scope in just two years.[4] Yet 94% of IT leaders still report struggling to

optimize AI costs effectively.[5] The tooling and frameworks for AI FinOps are nascent.

The Unit Economics Imperative

The industry is shifting from measuring AI by benchmark scores to measuring it by business output

metrics. The ROI framework that practitioners are converging on centers on three metrics:[1]

Cost per Resolved Ticket — the fully-loaded inference cost to autonomously close a support case
Human-Equivalent Hourly Rate — the inference cost of an agent performing work that would

otherwise require a human hour
Revenue Velocity — the measurable acceleration in lead-to-close or pipeline progression

attributable to AI agents

This shift is being forced by the 2026 renewal cliff: AI pilots approved on vague ROI promises in 2025 are

hitting their first renewals, and CFOs are demanding precise, auditable metrics.[3] The enterprise AI

pricing model is itself in flux, with vendors experimenting with consumption-based (per token),
workflow-based (per completed task), and outcome-based pricing (e.g., Intercom charging $0.99 per

resolved ticket).[3]

The Technology Stack for AI Cost Control

Emerging best practices point to a layered approach that combines the three optimization levers with
observability:
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Recommended AI FinOps technology stack

Layer Function Key Technologies

Observability
Per-agent, per-workflow cost tracking and
attribution

Token metering, cost dashboards, usage
anomaly detection

Routing
Direct each request to the cheapest

capable model
RouteLLM, xRouter, custom classifiers

Caching
Eliminate redundant LLM calls for similar
queries

Redis LangCache, GPTCache, Portkey, Bifrost

Infrastructure
Right-size the inference platform for
workload characteristics

On-premise for sustained loads, cloud for bursty,
hybrid for mixed

Architecture
Model-agnostic design to avoid vendor

lock-in

Abstraction layers, provider-switching support,

multi-model orchestration
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Key Assumptions & Uncertainties

What the Evidence Does Not Resolve

Timing of pricing normalization. Multiple sources cite 12–24 months before API prices increase

meaningfully,[2] but this depends on competitive dynamics that could accelerate or delay the
timeline. If a new well-funded competitor enters the market, the subsidy period could extend.
Stacking effects of combined optimizations. Model routing and semantic caching are each

documented at 60–85% and 60–73% cost reductions respectively. No source provides evidence of
combined implementation results. The theoretical ceiling (routing handles novel queries cheaply;

caching eliminates repetitive ones) could approach 90%+ total reduction, but this is unvalidated.
Quality trade-offs at scale. Routing simple tasks to lightweight models assumes reliable

classification of task complexity. Misrouting complex queries to lightweight models degrades
output quality; the error rate and business impact of misrouting is not well-documented.

On-premise operational costs. Published TCO analyses (notably Lenovo's) show dramatic savings
but may underweight operational complexity: hiring ML infrastructure engineers, managing GPU

fleet maintenance, handling model updates, and maintaining security. The true fully-loaded
comparison is murkier than headline numbers suggest.

Open-weights model trajectory. The viability of on-premise inference depends heavily on whether
open-weights models continue closing the quality gap with frontier models. Current trends are

encouraging (Qwen 3.5 9B matching 120B models on targeted benchmarks[2]), but these are
narrow benchmarks. General-purpose reasoning capability gaps may persist.

Expert Opinion Diverges On

Whether the race-to-zero in API pricing represents genuine efficiency gains or purely VC-

subsidized market capture
Whether the "cloud-first" era for AI is truly over or whether hyperscaler optimization will close the

on-premise cost gap
Whether outcome-based pricing (per resolved ticket) will become the dominant model, or whether

the "agreement problem"[3] around defining outcomes will prevent its widespread adoption
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Strategic Implications & Actionable Insights

1. Build model-agnostic architectures now. The most critical near-term action is eliminating vendor
lock-in. With current pricing confirmed as VC-subsidized and unsustainable, organizations dependent on

a single provider's API face maximum exposure when pricing normalizes. Use abstraction layers that

allow model switching without code changes.[2]

2. Implement per-agent, per-workflow cost observability before scaling. You cannot optimize what you

cannot measure. Forty-nine percent of organizations cite inference cost as their top scaling blocker,[6]

yet most lack visibility into cost-per-agent or cost-per-task. Instrument cost attribution at the workflow

level—not just monthly aggregates.

3. Start with model routing; it offers the highest impact at the lowest implementation cost. A trained

router achieving 85% cost reduction while retaining 95% of frontier model quality[10] represents the

most favorable effort-to-impact ratio among the three optimization levers. With 37% of enterprises

already running five or more models in production,[9] the multi-model infrastructure is increasingly in
place.

4. Add semantic caching for repetitive workloads. If your agent workflows include customer support,

documentation Q&A, or any pattern where 40–60% of queries are semantically similar,[13] semantic
caching delivers 60–73% cost reductions with a latency bonus. This pairs naturally with model routing for

queries that do require a fresh LLM call.

5. Evaluate on-premise inference for any workload exceeding $15,000/month in API costs. The

breakeven point of under four months at high utilization[16] and 5-year savings exceeding $5 million per

server make this the dominant strategy for sustained, predictable workloads. The exception: workloads

with >40% demand variability, where cloud remains 30–45% cheaper than provisioning for peak.[16]

6. Budget for 2–3x current API costs within 24 months. OpenAI's projected path to positive cash flow

requires massive pricing corrections. Even with efficiency improvements from new architectures

(sparse attention, IndexCache),[2] the subsidy gap is too large to close through technology alone. Prudent
financial planning means modeling scenarios at 2x and 3x current pricing.

7. Define AI value metrics in writing before renewal. The shift to outcome-based pricing[3] means
procurement teams must negotiate precise, measurable, auditable definitions of success. Demand
vendor modeling of low/expected/high usage scenarios with actual invoice examples. The "agreement

problem" around outcome definitions will become contentious at renewal without explicit written clarity.

8. Treat AI FinOps as a distinct discipline, not an extension of cloud FinOps. The cost dynamics (usage-

driven, opaque, emergent from agent behavior) differ fundamentally from infrastructure cost
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management. Organizations need dedicated AI cost governance—roles, tools, and processes—built
around token economics and agent unit costs, not VM hours and storage tiers.
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